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Abstract— We consider a firm real-time system with a single processor working in two power modes depending on whether it is
idle or executing a job. The system is equipped with dynamic thermal management through a cooling subsystem which can
switch between two cooling modes. Real-time jobs which arrive to the system have stochastic properties and are prone to soft
errors. A successful job is one that enters the system and completes its execution with no timing or soft error. Appropriateness
of the system is evaluated based on its performance, temperature behavior, reliability, and energy consumption. It is noteworthy
that these criteria have mutual interactions to each other: the stochastic nature of the system affects the success ratio of jobs
beside the system dynamic power, the leakage as well as dynamic power impacts the processor temperature, this temperature
affects the leakage power, the cooling subsystem power, and the soft error rate, which the latter in turn impacts the system
reliability and the success ratio of jobs. This paper proposes an analytical evaluation method with a Markovian view to the
system which considers these reciprocal effects. A number of simulation experiments are carried out to validate the accuracy of

the proposed method.

Index Terms—Analytical modeling, Firm real-time system, Leakage power, Performance, Temperature.

1 INTRODUCTION

CALING down of the VLSI technology to the deep

sub-micron domain has led to higher chip power

density and leakage power. In recent years, with a
30% improvement in the processor frequency, power
density has been approximately doubled [1], resulting in
increased temperature. The advances beside the chip
temperature have significant impacts on the measures of
performance [2], reliability [3] and power consumption
[4] of computing systems.

Awareness to the amount of such temperature-related
measures are especially much more important in real-
time embedded systems working in dynamic
environments with uncertain properties. Examples are
systems running critical applications in the space and
defense domains as well as less critical multimedia
applications. The uncertainties of these systems can be
observed in the arrival pattern of jobs, job characteristics
(such as execution times and deadlines), and
environmental transient faults, which are usually
described by stochastic models [5], [6], [7]. One important
issue in such real-time systems is to find the effects of the
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stochastic properties on the aforementioned temperature-
related measures, as the temperature seriously affects the
system behavior.

On one hand, temperature has a considerable effect on
the leakage current in MOS transistors. An example in [8]
shows that, when the ambient temperature is 35°C, an
increase of 10°C can cause 126% rise in the leakage
current. Accordingly, increased power density, not only
directly raises the energy consumption, but also it has an
indirect impact on the energy through increased
temperature. This interdependency, if not appropriately
estimated and taken into account, may result a positive
feedback loop which can cause thermal runaway.

On the other hand, chip temperature affects both the
rates of permanent failures and transient faults [1]. Rosing
et al. [3] show such an effect on the hard error rate in
SoCs. Also, similar effect on the soft error rate (SER) has
been investigated in [9], [10]. For example, Chandra and
Aitken [9] report the sensitivity of SER to the temperature
in different voltage levels.

The above concerns have been widely studied in the
context of real-time systems emphasizing the system
performance. For example, in [11], [12], and [13],
respectively, the energy consumption, temperature
runaway, and error rate affecting the system reliability
have been considered. Most of these studies use speed
and voltage scaling (through dynamic voltage scaling
(DVS) [14] or adaptive body biasing (ABB) [15]) beside
appropriate scheduling algorithms [16], [17] to enhance
the system behavior. However, to better employ these
techniques, some integrated models are needed to sketch
the interdependency between the system specification
(such as the processor voltage and speed, scheduling
algorithm, workload parameters, etc.), and the measures
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of system behavior (such as deadline violation ratio,
reliability, and energy consumption). Even without
consideration of the temperature effects, investigation of
such interdependency in an analytical manner is not
straightforward [5], [18], [19].

In this paper, we consider the analytical study of a
stochastic single-processor firm real-time (FRT) system
with non-preemptive independent jobs, i.e., systems in
which the jobs missing their deadlines are thrown away
immediately. We consider the class of non-idling service-
time independent scheduling algorithms that, when the
system capacity is not full, do not decide on accepting or
rejecting a job on its arrival. In particular, we concentrate
on the first-come first-served (FCFS) scheduling
algorithm. The stochastic behavior of the system is seen in
the workload characteristics as well as soft errors. The
system processor has the DVS capability which can be
used for putting the system in a low-power mode when
the processor becomes idle. Also, the system is equipped
with a dynamic thermal management (DTM) mechanism
using a cooling subsystem. Both DVS and DTM help to
overcome the excessive energy usage, temperature rise
up, and reliability loss. The main purpose of this study is
to propose an analytical method to identify the effects of
stochastic characteristics of the FRT system on its
performance and temperature behavior, and in turn, on
the system reliability and energy consumption.

In summary, the main contributions of this paper are
as follows: rather than proposing a new algorithm for
improving the system energy efficiency and controlling
its temperature and reliability, we provide an analytical
method for evaluating the system behavior, and finding
the appropriate configurations to reach the goals. The
analytical method takes into account the effects of real-
time workload, processor dynamic power, leakage power
and temperature, as well as DTM (through a cooling
subsystem), altogether, in a Markovian view to the FRT
system. Some important probabilistic performance-,
temperature-, reliability-, and energy-related measures of
the system are calculated. The proposed analytical
method is quite accurate for specific patterns of job
deadlines and highly accurate approximate for the other
patterns. The measures are studied for different system
parameters and the validity of results as well as the
accuracy-level of approximations is shown through
extensive system-level and microarchitecture-level
simulations. To the best of the authors’ knowledge, the
current work is the first which, based on a Markovian
view, studies the stochastic behavior of a FRT system
considering the temperature effects.

The rest of this paper is organized as follows. Next
section reviews the related literature. Section 3 provides
our system model and the favorite performance-,
temperature-, reliability-, and energy-related measures.
Section 4 describes the timing behavior of the system
which provides required means for thermal analysis. In
Section 5, we propose our stochastic thermal analysis
method. The experimental evaluation of the method is
provided in Section 6. Finally, the paper concludes in
Section 7.

2 RELATED WORK

In this section, we first review some related literature on
the modeling and management of energy consumption,
performance, and reliability with an emphasis on real-
time systems. Afterwards, we focus on the temperature-
related works, including a review on the studies that
consider the effects of chip temperature on the system
power consumption, reliability and performance of non
real-time as well as real-time systems, from both
deterministic and stochastic points of view.

The interaction between performance and energy
efficiency of deterministic [17], [20], [21] and stochastic
[5], [22], [23] computing systems has been widely studied.
In the context of systems with stochastic properties,
which is the focus of this paper attention, an
optimization-based approach is proposed in [23] for
balancing the mean response time and mean energy
consumption in a stochastic non real-time system. In [22],
an analytical DVS-based stochastic dynamic power
management technique is devised for making a tradeoff
between the mean energy consumption and performance
of a real-time system. Also, in [5], a performance
optimization method based on an analytical approach is
proposed for utility-based real-time systems. In both [22]
and [5], the processor energy consumption is population-
dependent. The interaction between reliability and energy
efficiency of real-time systems has also been investigated
[13], [24].

Considering the temperature issues, several studies
have been performed on the power consumption [4], [25],
[26], reliability [3], [9], [27], [28] and performance [29],
[30] of non real-time and real-time systems.

In the context of joint thermal and power management,
it has been shown that leakage power is highly dependent
on temperature [4]. Therefore, recent studies have utilized
the temperature model to calculate leakage power [4] and
accordingly address the problem of temperature-aware
power management [26]. Liao, He and Lepak in [4]
investigate the dependency of leakage power on
processor temperature and propose a formula that
describes this dependency as a nonlinear function. Later,
Quan and Zhang [2] estimated the same measure with a
linear function and mixed this estimated function with
the lumped RC model [31] in order to have a simpler
leakage-aware temperature analysis. To minimize the
peak temperature through reducing the power
consumption, some works (e.g. [25]) have employed DVS-
based scheduling. Also, in real-time systems, Huang and
Quan [26] propose a scheduling algorithm that aims at
energy minimization with proper frequency selection for
each task with regard to a temperature constraint.

Besides, some authors have studied the impact of
temperature on the system reliability. Rosing, Mihic and
De Micheli [3] have studied some temperature-dependent
failure mechanisms, including electro-migration, time-
dependent dielectric breakdown and thermal cycling in
order to make a tradeoff between the reliability and
power consumption of a SoC. With focus on thermal
cycling failure mechanism, authors in [28] present a
temperature-aware reliability optimization based on a
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steady-state temperature analysis for applications with
periodic power profile. Chip temperature can also affect
the SER [9], [27], [32], which in turn, can impact the chip
reliability. However, a few studies have focused on the
SER dependence on temperature. Chandra and Aitken [9]
studied the impact of technology scaling on the soft error
susceptibility and reported increased SER when
temperature increases. In addition, the effect of
temperature on soft errors has been studied in [27], where
it is shown that, although increased temperature leads to
SER rising in general, the dependency is device-specific
and may vary from one device of a vendor to the other.

The impact of temperature constraints on the system
performance has been investigated by several recent
researches. The methods guarantee that the temperature
does not exceed a determined threshold. In [33], a
frequency assignment method is proposed for MPSoCs in
order to maximize the system performance regarding a
temperature constraint. In [29], the feasibility of a speed
schedule for a set of real-time tasks in terms of some
temperature constraints has been investigated. Also, in
[2], some feasibility analysis, including necessary and
sufficient conditions for the schedulability test, has been
proposed for an arbitrary periodic task set with hard time
constraints.

While many recent works have studied the thermal-
aware performance and energy modeling [3], [4], [31] and
management [11], [25], [26], [30], [33] in a deterministic
manner, few studies [34], [35], [36], [37] have considered
thermal aspects in stochastic systems. Zhang and Chatha
[35] aim to minimize the makespan of a task set with
uncertain execution times, subject to guaranteeing an
upper bound on the probability of violating a specified
critical temperature. They consider a fixed set of jobs with
equal release times and provide an offline solution for
selecting a voltage/frequency for each job. Also, in [36], a
fixed set of non real-time jobs with nondeterministic
execution times is considered under temperature
constraints. To minimize the peak temperature, the
approach divides the jobs into cool and hot subsets and
performs job sequencing based on average job execution
times. Jung, Rong and Pedram [34] propose a stochastic
model for a thermally managed non real-time multicore
system. In their model, the thermal behavior of the
system is captured by some discrete states, each one
representing a range of temperatures.

In the context of stochastic real-time systems, a model
of mixed real-time periodic and non real-time aperiodic
tasks under a tight thermal constraint has been
investigated [37]. The proposed approach initially obtains
a safe speed under which the temperature constraint is
guaranteed to be preserved. Then, with the previously
obtained speed, a queuing model for the non real-time
aperiodic tasks is solved and the response time is
assessed. This way, the work separates the analysis of the
thermal behavior of the system from its performance
analysis.

The main differences between the current work and
the aforementioned studies on stochastic thermal analysis
can be summarized as follows: This study builds its

temperature analysis on the basis of a queuing model for
a DTM-enabled FRT system with stochastic properties, it
provides a complete description of the thermal behavior
of the system through analytical calculation of the
respective temperature probability density function, it
considers the possible impacts of the stochastic real-time
workload, leakage and dynamic power consumption,
processor temperature, cooling subsystem, and reliability
of the real-time system altogether, beside providing a rich
set of respective measures.

3 SYSTEM MODEL AND MEASURES

This section introduces the system model, including the
models of job and service, processor power consumption
and temperature, cooling subsystem, and soft errors.
Then, our favorite performance-, temperature-, reliability-
, and energy-related measures are formulated.

Throughout this paper, we assume statistical
equilibrium and use n €N, T ER and teR*, where N, R
and R+ are the sets of natural numbers, real numbers, and
nonnegative real numbers, respectively. Also, we use the
terms speed and service rate interchangeably.

3.1 System Model

We consider a single-processor queue with an arbitrary
capacity K (K < o).

Job and service model: Jobs of this system are defined
as J = (a,c,8), where a, ¢, and 6, are the job arrival time,
computation (execution) time, and relative deadline,
respectively. A state of the system is shown with n, where
n < K is the number of jobs in the system. More precise
definitions of these parameters are presented in the
following.

The job arrival times (a) follow a state-dependent
Poisson process with rate 1,,. An arriving job which finds
the system full (i.e., finds n = K) is blocked and must
leave the system immediately. Jobs entering the system
are served in the order of their arrival, i.e., the service
discipline in the system is FCFS.

Each job has an exponential execution-time (c) with
probability density function (PDF) f.(t) and an expected
value ¢. Throughout this paper, we normalize all timing
parameters with respect to C.

Further, each job has a relative deadline 6 which is the
difference between its absolute deadline (named deadline
for short) and arrival time. 0 is a random variable with a
cumulative distribution function (CDF) G(t) and average
6. We assume that G(t) is a general CDF which may have
a mass at the infinity, namely, in general, P(6 = o) =1 —
lim;,,, G(t) = 0 . A job is immediately thrown away of
the system as soon as it misses its deadline irrespective of
whether or not it is being served. In other words, each job
has a deadline until the end of its service. Job execution
times and relative deadlines form sequences of
independently and identically distributed (i.i.d.) random
variables which are mutually independent.

Processor and cooling subsystem models: The
processor has a discrete set of speeds M = {uy,...,1;},
where [ is the number of speed levels. Also, two modes of
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operation are identified:

1. Idle mode: when there is no job in the system and

the processor is idle at speed level y; € M; and

2. Active mode: when the processor executes some

jobs in the system at speed p, € M.
The processor speed is characterized by the respective
voltage level from the set Y = {vy,...,v;}. We show the
supply voltages of idle and active modes by v; € Y and
vy €Y, respectively. It is supposed that v, <v,. (We
ignore the possible overheads of switching between v,
and v,.)

The processor has a predefined power function
Pow(vy), v, €Y, which can be considered as the energy
consumption of the processor at speed level u;, € M and a
fixed (either idle or active) mode, normalized with respect
to the time unit. This processor power function consists of
two parts, dynamic power (Powg,,(v,)) and leakage
power (Pow,.qi (), i.e., we have:

Pow(vy) = Pow gy (Vi) + Poweqr (v), @
where both dynamic and leakage power functions
depend on the processor supply voltage. This relation for
the former function is formulated as [38]:
Poweyn(ve) = {C(')vlz' .if the processor .is.in idlgmode o

Covy , if the processor isin active mode

where C, and C, are processor-specific constants and
Ve €Y is the k' voltage level of the processor. On the
other hand, the latter function is estimated as [4]:

Pow,eqy (Uk) = Ngatelleakvk ’ (3)
where Ny, is the number of gates in the processor and
ljeqr is the leakage current. Let define the random variable
T as

T = the steady state temperature of the processor. 4
Then, I}, is calculated by the following formula:

aqvpta
hewe =15 (B T?eT 7 + fecsovtes), ()

where I; is the leakage current at a certain reference point
and By, f,, a1, ay, a3 and a, are empirically determined
processor-specific constants.

Based on (3) and (5), there is a nonlinear relationship

between the leakage power and temperature. However, it
has been shown in [2] that the following linear
approximation of (3) introduces negligible error into the
calculation of the processor leakage power:
Powieq(vi) = (C,(K) + C(K)Tvy, (6)
where C;(k) and C,(k) are some processor-specific
voltage-sensitive constants. Thus, leakage power is a
function of both supply voltage and processor
temperature. Then, at a constant processor temperature T,
the instantaneous processor power consumption at
voltage vy, is obtained using (2), (6), and (1). However, the
processor temperature may vary over time.

Because of reliability risks and energy wastage due to
increased temperature, some types of DTM might be
required. In [46], a cooling subsystem has been employed
for reducing the processor leakage power through DTM.
We also consider a cooling subsystem with a discrete set
of cooling modes CM = {my, ..., m,.}, where r is number of
the modes. The subsystem switches between two cooling
modes m;, (low power) and my (high power) belonging to
CM, based on the processor temperature with respect to a

temperature threshold Ty,. (This idea can be extended to
switching among arbitrary number of cooling modes
based on multiple temperature thresholds with minor
algebraic efforts with respect to what follows.) The
cooling subsystem has a predefined power function
CPow(m;),m; € CM. Normally, the subsystem resides in
m,, however, when the processor is in the active mode, in
the case that the processor temperature exceeds Ty, the
cooling mode switches to my. This switching causes a
slower temperature rise up, and consequently, a lower
steady-state temperature comparing to the case that we
ignore the switching. The cooling mode remains the same
until the system goes to the idle mode that the cooling
subsystem switches back to m;. As we will see
analytically in the following, m;, my, and T, are design
parameters which affect the system power consumption,
temperature, and reliability.

We continue with the temperature behavior of the
system. Suppose that the processor works at some
constant voltage vy, a fixed (either idle or active) mode,
and a fixed cooling mode (either m;, or my) for a duration,
and t is some time in that duration. We adopt the well-
known lumped RC model [31] to describe the transient
behavior of the processor temperature as:

LY = pPow(t) — B(m)T (1), 7)
where p is a processor-specific thermal coefficient, §(m;)
is a processor- and cooling mode-specific thermal
coefficient, and Pow(t) and T(t) are the instantaneous
power consumption and temperature of the processor at
the mentioned voltage level. Without loss of generality
and similar to [2], in (7), we assume that the temperature
has been scaled such that the ambient temperature is
considered zero. (Otherwise, an offset equal to the
ambient temperature is entered in (7) and the subsequent
related formulations.) Using (2), (6), (1), and (7), we
obtain:
T
dd—gt) = P(POWdyn(Uk) + C1(k)17k)
— (B(my) — pC,(K)wIT(®)

= M(vy) — N(vy, m)T(¢). ©)
Suppose the temperature at an initial time t, is T(t,).
Also, consider that during time interval [t,,t], the
processor remains in the same mode, it remains in the
same voltage level v, and the cooling mode m; is fixed.
Then the temperature at time t can be obtained through
solving differential equation (8) as follows:

_ Mg _ M@\ L -N@em)(t-to)
T(t)—N(vk’mi)+(T(t0) : (vk‘mi))e D(t=to), 9)

As we consider i) two modes of operations, and
possibly two levels of voltages for the processor (v; for
the idle mode and v, for the active mode), and ii) two
cooling modes (m; and my), different parameters in the
temperature formulations might be used depending on
the possible mode combinations. Thus, with some
simplifications in the notations, the transient temperature
for the processor in the idle mode can be written as:

Ti(t) = Tain + (T(to) — Ty )e N @rmIEt0), (10)
Moreover, if the processor works in the active mode, the
transient temperature is calculated as:
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TMaxL + (T(to) - TMaxL)e_N(VA.mL)(t—to)'
if T(ty) < Typand t —ty < @

Tp(t) =1 Twmax, + (Tth - TMaxH)e_N(v"'mH)(t_t“_w)r (11)
ifT(ty) <Typandt —ty > w
Tyax, + (T(to) - TMaxH)eiN(VA'm”)(Ft“)' ifT(ty) > Ten
where
w=— 1 TMmax;,—Tth . (12)
N@wamL)  Tmaxy,~T(to)

is the time required to reach from T(t,) to T,,. Note that
Tyin = M(W)/N@,m),  Tyax, = M(Va)/N(am), and
Tyaxy = MWa) /N4, my), respectively, are the
temperatures to which the processor will reach if it
sufficiently resides in the idle mode, in the active mode
with cooling mode m;, and in the active mode with
cooling mode my (Tyin < Tyaxy < Tuax,)- In other words,
the processor steady-state temperature varies between
Ty and Tyaxy-

Error model: We consider the impact of soft errors on
the jobs. It has been shown in [9] that the temperature
affects the SER through Qcrit, i.e. the minimum charge
that is needed to flip one bit. The radiation particles are as
major causes of such bit flips. Since radiation particle hit
follows a Poisson process [39], the soft error occurrence is
also commonly modeled by a Poisson distribution [7],
[39]. Suppose the PDF of soft error inter-occurrence time
at temperature T(t) as €(t) = o(T(t))e ¢T®*, where
o(T(¢t)) is the SER at temperature T(t).

We consider hidden fault model [40], where the soft
errors of affected jobs remain undetected until the job
leaves the system. However, even if the affected job has
met its deadline, its erroneous result will not be
considered by the system; rather the result is discarded.
Define p.(T(ty),c) as the probability that a job which
starts its service at temperature T(t,) and has execution-
time c (i.e. completes at time ¢, + ) is affected by at least
one soft error. Obviously the system is in the active mode
when executing the job. Thus, the probability that the job
suffers from soft error is calculated as:

Pse(T(£0), ) = [§ €(t) dt = [ 0(Ta(to + £))eealor Nt (13)
where T, (.) is defined in (11).

3.2 Measures

This subsection introduces the system performance and
temperature-related measures, beside their relation to the
system energy and reliability. We begin with the
definition of a basic performance variable. Let

V = the time an arriving job with infinite (no) deadline, in
the long run, must wait before it completes its service. (14)

V is called the job offered sojourn (response) time. We
assume V = oo if the arriving job is blocked due to full
system. We will be interested in finding the CDF of V
F,(©) =PV <),

or equivalently, its PDF f, ().

More specific measures of performance may also be
defined using fy, (t). In particular, we will be interested in
the probability of missing deadline, defined as
ag =P <V <w)=["fOG()dt. (16)
@y represents the steady-state probability that a job
misses its deadline. Another important measure of

(15

performance is the probability of blocking ¢, , defined as
ap, =PV =) =1 —lim;_, F,(t). (17)
ap is interpreted as the steady-state probability that an
arriving job is rejected due to full system.

The above performance measures assume no
significance for the impact of processor temperature on
the success ratio of jobs which meet their deadline.
Rather, as indicated before, the temperature affects the
SER, and thus, the system reliability. In the following, we
first discuss the steady-state thermal behavior of the
system, and then, investigate its effect on the reliability.

As defined in (4), T is the random variable which
defines the steady-state temperature of the processor. We
will be interested in finding the CDF of T

Hy(r) = P(T <1), (18)
or equivalently, the PDF
hr(z) = ¥0, (19)

As indicated before, the processor works either in the
idle or in the active mode. Let define the following
probabilities:

7; = the steady state probability that the processor is in
the idle mode,

1, = the steady state probability that the processor is in
the active mode .

(20)
Also, we define the following random variables:

T; = the long run temperature of the processor when it is

in the idle mode,
T, = the long run temperature of the processor when it is

in the active mode. (21)
Assuming hr,(7) and hr,(7), respectively, as the PDFs of
T; and T,, we can write the PDF of the processor
temperature defined in (19) as:
hy(t) = myhy (T) + mahe (). (22)
We will discuss the way of calculating hr, () and hr, (1)
in more details in the following sections.

Now, we aim to investigate the aforementioned effect

of processor temperature on the SER, and therefore, on
the system reliability. Consider the following definition:

W = the time an arriving job with infinite (no) deadline, in
the long run, must wait before it starts its service, (23)

with fy,(t) as its PDF. Since we consider hidden fault
model, namely the occurred faults are not detected until
the completion of the job, we are only interested in the
jobs which meet their deadline. The probability that,
when the system is in the idle mode, an arriving job to the
system meets its deadline and is affected by soft errors
can be calculated as:

H [ee]
P <ol=0 = " ki@ [ fultn=0)
Tmin 0

Jo fe) (1 -Gt +W)pee(ru) dudtdr,  (24)
where n is the state of the system as defined in Section
3.1, fo(w) = p,e™4* is the PDF of job execution-time, G(x)
is the CDF of job relative deadline with a PDF g(t), 7 is
the temperature of the processor when the job starts its
service, which, as defined in the processor model above,
T €[Tuyin) Tmaxy,] in the steady-state, and pg,(.) is defined in

TMax
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(13). Further, fy(t,n=0) is defined as fy (t|n=0)
multiplied by the probability that an incoming job finds
the system in the idle mode (see Lemma 2 in Section 4.2).
Similarly, the probability that, when the system is in the
active mode, an arriving job to the system meets its
deadline and is affected by soft errors is obtained as:
Puv <ol <n<k) =

TMaxy ©
hTA(T)J fw(t,0<n<K)
TMmin 0

Jo o) (1= Gt +W)pse(r,u) du dt dr. (25)
Again, fi,(t,0<n<K) is defined as f,(t|0 <n<K)
multiplied by the probability that an incoming job finds
the system in the active mode (see Lemma 2). Then, using
(24) and (25), the fraction of jobs completed in a timely
manner but affected by soft errors, namely a, is
calculated as follows:
Ase = Psg(V < 0|n=0)+ Psg(V <60|0 <n <K). (26)

Accordingly, the total probability of loss, considering
both timing and soft errors is obtained as:
a=a;+ a,+ ag. (27)
We also define the following energy-related measures

which may be affected by the processor temperature.
Based on (1) and the cooling subsystem model, the
average power consumption of the system is calculated
as:
Pow = Powgyy + PoWeq + PoW oo,
where, using (2) and (20), we have
Powgyy, = mPowyy, (v;) + myPowg,, (v4),
using (6), (20), and (21), we can write

(28)
(29)

Maxy
Poweq, = m; hTI (T)Powleak( UI) dr
Tmin
+ 104 [ R (D PO (v4) d, (30)
and Pow,,,, is the average cooling power defined below.
Using (20) and (21), we can calculate the probability that

the cooling subsystem is in the high power mode as:

P(Ti) = P(Ty 2 Tp) = 1 f, *F by, (D)dr.

Therefore, Pow,,,, can be calculated as:

PoWgoe = CPow(m,)(1 — P(Ty)) + CPow(my)P(Ty). (32)
We also define A as the ratio between the energy

consumption rate and the successful job rate as:
Pow

(31)

- T (33)

where 1 is the average job arrival rate (calculated in
Section 4.2) and (1 — a) is the probability of successful
completion of a job, i.e. with no timing/soft error (« is
defined in (27)). In other words, A is the energy spent per
successful job.

4 QUEUING MODEL

In the following, first, the formulations of some important
conditional performance variables of the FRT system are
presented based on the analysis proposed in [5] and [18].
Then, a solution for the queuing model of the system is
provided beside the way of calculating some elementary
performance measures. One important measure that we
extract is the sojourn-time of the system in the idle and
active modes, which are used in our temperature analysis
in Section 5.

4.1 Conditional Performance Variables
For t,ee R+ and ne W, let

Y, (t, ) = the probability that one of the jobs in the system
misses its deadline during [¢, t + ¢€), given there

are n jobs in the system at time t. (34
Define
Ya(0) = lim, o 2242, (35)
Yn = limt—mo Vn(t): (36)

where v, is the (steady-state) rate of missing deadlines,
given there are n jobs in the system (including the one
being served).

Barrer [19] first derived an expression for y, for a
system with an unbounded capacity, a Poisson arrival
process, a deterministic job relative deadline, and FCFS
scheduling algorithm. Barrer's result is extended in [18] to
a larger class of systems, namely those with an arbitrary
capacity, a state-dependent Poisson arrival process, and a
general job relative deadline. The concept of this
parameter has also been used in the analysis of some
general class of real-time systems in [5] as well as for
approximating the performance of systems with other
scheduling algorithms in [6] and [41].

Define

V,, = the time an arriving job with infinite (no) deadline, in
the long run, must wait before it completes its service,
given it finds n jobs in the system. (37

V. is called the job offered sojourn-time, given there are n
jobs in the system. Let
Fy, (&) = P(, < 1), (38)

fun () = 2C. (39)

In [18], Movaghar has derived a closed-form solution for
the PDF defined in (39). Suppose ®@,(s) to be the Laplace
transform of [f 1- G(x))dx] ie.,

@,(s) = [[fo(1- G(0)dx]" e~stdt. (40)

As shown in [18], f;, (¢) can be calculated as:

fr () = 5 )[f (1-G(0))dx] e rat, (41)
Consider

W, = the time an arriving job with infinite (no) deadline, in
the long run, must wait before it starts its service, given
it finds n jobs in the system. (42)

W, is the job offered waiting-time, given there are n jobs
in the system. Let

Fy, (©) = P(W, < 0), (43)
n( )
firr (£) = Znl (44)
We have the following lemma:
Lemma 1. The PDF of W,, can be calculated as:
—ppt t n-1
fun® = = [, (1= 6@)dx] (1-6(0). (45)

Proof: According to the definitions of V, in (37) and W, in
(42), their respective PDFs fy, (t) in (39) and fy, (t) in
(44), beside the PDF of job execution-time f,(t) given in
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Fig. 1. The FRT system transition-rate graph.

Section 3.1, we have:
i) = [ firy W1 (¢ —Wdu = (i, * £ ) (©),

where * is the convolution operator. Using the Laplace
transforms, we have:
Tvn(s) = Twn(S)Tc(S).

where F.(s) = sz . Therefore, fy;, (t) is obtained as:
A

fw (8) = [, (O) + £, () /1has (49)

where f; (t) is given in (41) and fy (¢) is the respective

derivative. Then, using some algebra, (45) is obtained. O
As will be discussed in the following subsection, fy, (t) is
used in the calculation of @, which is defined in (26).

A closed-form solution to the loss rate y,,, as defined in
(36), can also be obtained as follows [18]:

{0, n=0,
Yn = n‘bn—l(ﬂA) _ n>0
opua) A ’

where @,,(.) is defined in (40).

(46)

(47)

(49)

4.2 Model Solution and Performance Measures

Long-run behavior of the system introduced in Section 3
can be viewed as a Markovian model which is solved
analytically using some standard solution techniques.
According to the system model which considers K as the
system capacity, we have a Markovian model with K +1
states (see Fig. 1) where 6,, = i, + v,,. Define

7, (t) = The probability that there are n jobs in the system

attime t. (50)
Then, we can write
(
00 = Agro(6) + (s + Y2 (D) (0,
00 = it (6) = G+ g+ () (0) (51)
+ (s + Yne1 (O (8), if0<n<K.
Let

T, = limg,e 1, (8). (52)
Then, in equilibrium, (51) can be rewritten as follows:
0 =—Agmy + 6,174,

0=2A 1Ty — (A + 8 )1, + 8y Mnyq, if0 <n < K.
Solving the equilibrium, we obtain:

if0<n<K.

(53)

-1 A
Tp = ni&mﬂ'o' (54)
m, is the steady-state probability that there are n jobs in
the system. From (54) and using the normalizing
condition (XX_, 7, = 1), we obtain:

1 A4 \71
Ty = (1 + 2R T TH) . (55)

Define the average arrival rate of jobs to the system,
which is used in the calculation of A in (33), as:
2= T o Am;. (56)
Then, the steady-state probability that an incoming job
finds n jobs in the system, namely 7, is obtained as:

_ AnTtn

e for0 <n <K. (57)

Given fy, (t) as in (39), the PDF of job offered sojourn-
time V defined in (14) can then be obtained as:
fr(®) = X325 Tafv, (£)- (58)
Having f,(t) and using (16), the probability of missing
deadline can simply be calculated. Meanwhile, given y,
as in (49), the probability can also be derived as

K
_ Xn=1Tn¥n

) (59)

i
which is the average deadline miss rate divided by the
average job arrival rate. The probability that an incoming
job finds that the system is full, ie. the blocking
probability defined in (17) is simply
ap = 1g. (60)

Now, we can proceed with the calculation of a,, as
defined in (26). We use the following lemma:

(4%]

Lemma 2. We can write fi,(t,n =0) and f,(t,0 <n < K)
as follows:

fw(t,n=0) = rofy, () =1,6(0),
fw(t,0 <n <K) = X5Zi tfu, (),

where &(t) is a Dirac delta (impulse) function.

Proof: Based on the definitions provided in (23), (42), and
(57), the proof is immediate. O
Also, the steady-state probability that the system is in

the idle and active modes (defined in (20)) can easily be

obtained as:

(61)
(62)

7T1 = no, (63)
Ty = 25:1 Ty- (64)
Let

S, = the long run sojourn time of the system in state n. (65)

According to the described system model, the PDF of this
random variable can be calculated as:

Aoe_lot. n=20,
fs, (@) =< (A4, + 8,)e~Gnton)t, 0<n<K, (66)
61(9_6Kt; n=K.

As shown in [18], for general distributions of relative
deadline, y, as defined in (49) results in accurate
calculation of performance measures such as job response
time, in a Markovian view to the FRT system in the long
run. However, since the system is not generally
Markovian except for the case of exponentially
distributed relative deadlines, S, is not amenable to
simple calculation. Thus, the above PDF is accurate for
the exponential distribution of relative deadline and a
very good approximation for the other distributions, as
also confirmed by our extensive simulations.

As a prerequisite for the thermal analysis of the system
(Section 5), we are interested in the sojourn-time in the
idle and active modes, represented by S; and S,, with
PDFs f5,(t) and f, (t), respectively. Using (66), the former
PDF can simply be obtained as

fs1(O) = f5, () = Age™™", (67)
and the respective CDF as
Fg,(t) =1 —e %o, (68)
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However, the calculation of the latter PDF needs more
discussions. Define f;, , (¢) as the PDF of the sojourn-time
in a super-state consisting of states n, ..., K. Accordingly,
fs.x(t) determines the PDF of sojourn-time in the active
mode, namely fs, (t). We have

fSK(t)' n=K,
Foni(®) = %fsn(t) + (69)
8n +A (fsn f5n+1K fsnx)(t) 0<n<K.

Justification for the recursive expression for 0 <n < K in
(69) is as follows. Suppose that the system is in state n,
0 <n <K . The first term of the expression defines the
density of staying in state n for the duration of ¢, and then
transiting from state n to state n — 1 with the respective
probability —=-. Also, for the case of transiting in the
opposite dlrectlon with probability ~——=~, the second term
is defined as the density of staying in state n, in the super-
state of states n+1,..,K, and again in the super-state
including states n, ...,K by returning back to state n, for a
total duration of t.

Suppose F (s) and Fs  (s) to be, respectively, the
Laplace transforms of f; 0) and s (t). Then, using (69)
we obtain:

Fsy (s),
SnFsy(5)
Sntdn=AnFs, (5) Fspyy ()’

n=K,

Fspi(s) = (70)

0<n<K.

Using (70), to calculate Fg, , (s), a polynomial fraction is
obtained with a polynomial of order K —1 in the
numerator and one of order K in the denominator.
Inverse Laplace transform of this equation leads to sum of
K exponential functions with different coefficients. In
other words, fs, . (¢) has a hyper-exponential distribution.
As a result, f;,(t) and the respective CDF can generally
be written as

fsa(®) = fs,, (£) = ipe™t,
FsA(t) = Fsly,((t) = K pl (1

where p; and y; are obtamed by solving (70).

(71)
(72)

—yit) ,

5 STOCHASTIC THERMAL ANALYSIS

This section follows the required steps to find the most
elementary PDFs h (1) and hy, () (and equivalently,
their CDFs) for stochastic thermal analysis of the FRT
system introduced in Section 3. The approach is accurate
for exponential relative deadline and approximate for the
other distributions. However, for the special case of
capacity 1, we provide an accurate solution for general
distribution of relative deadline.
We use the following notations in this section:

T7" = the processor temperature at the instant of entering
the active mode,

T7* = the processor temperature at the instant of exiting
the active mode,

TF" = the processor temperature at the instant of entering
the idle mode,

T?* = the processor temperature at the instant of exiting

the idle mode. (73)

Further, we define the conditional PDF hX(r|Y = T(to))

(and equivalently the conditional CDF Hy(|Y = T(t,)))
meant as the PDF (CDF) of X, given that the last value of
Y has been T(t,), where X and Y are two random
variables from those defined in (73). In the following, we
first derive the PDF of temperature at the instant of
entering active mode, namely th{" (7). Next, we obtain the
target PDFs hr,(7) and hr,(7) on the basis of hren(7). We
assume Ty < Tygy, in the following, as for the special
case of Tyiy = Tyqxy,, the temperature is always fixed
(T(®) = Tumin = Tyaxy, Vt) and the solution is trivial.

For the sake of simplicity, we describe our approach
for the calculation of th” () in three steps. At first, we
derive the PDF of Tf*, conditioned on the temperature at
the instant of entering active mode. Then, in a similar
fashion, we derive the PDF of T/%, given the temperature
at the instant of entering idle mode. Finally, we generalize
the equations to obtain the (unconditional) PDF of T;™.

Calculation of hrex(7|T3" = T(¢0)): Given T(¢,) as the
temperature at the instant t, of the most recent entrance
to the active mode, we are interested in the PDF of
temperature at the instant of exiting this mode, i.e.
hpex(z|Tf" = T(tp)). For this purpose, initially we
calculate the corresponding CDF (see (11)):

Hoex(2|T§™ = T(ty)) = P(TF* < T|Tf™ = T(to))

= P(T4(Sa) < 1), (74)

where the CDF of S, the steady-state sojourn-time in the
active mode, is given in (72). Using some algebra on (74),
and taking into account that, in the steady-state, the
temperature in the active mode is always increasing, we
obtain:

Hpex(T|TE" = T(t,)) =

0, T < T(ty),
P(Sy < Q1) = F5, (),  T(ty) <7< Thary (75)
1, T= TMaxH’
where
_ 1 TMax;,—7
NoamD M gt ) ST T,
1 TMaxy—T
Ao = T Nwamm) TMaxHH_Ttn' T(t) =T =7, (76)
_ 1 TMaxy—T
N@wamp)  Tmaxy—T(to) Tin <T(to) <7,

where w is defined in (12). In fact, Q(t) is the inverse
function of T,(t) in (11) and specifies the time required for
the system to reach from temperature T'(t,) to t, while it is
in the active mode. Taking the derivative of (75) and

using (71), we obtain:
dHpex(T|TS" =
hyge (| T5" = T(t)) = — ( |2:

{dﬂ(‘[)/d‘[ fsa (Q(T)), if T(to) < T < Tyaxy _
0, otherwise,

K Vi
1 Z ( Thax, =T >N(VArmL)
D,
N(VArmL)(TMax,_ - T) - \Tutaz, = T(t0)

Vi
Thax, = Ten )N(VArmL) ( Thax, —

Vi
p . T )N(UA,‘VVLH)
Z‘:l B |:(TM11X,‘ - T(to) =T

N(vy, mH)(TMaxH - T)

T(to)) _

(77)

,T(ty) €T < T,

Twaxy

’ T(to) < Tth <7< TMaxH'

Thax, =T

; Z (
P,
N(VA'mH)(TMaxH - T) = Nl waxy, = T(t,)
0,

N(VA:mH)
JTen < T(to) < T < Tyaxy

otherwise.
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Calculation of hyex (r|Ti" =T(tp)): Similar to the
previous step, given the temperature T(t,) of the most
recent entrance to the idle mode at time t,, and regarding
that, in the steady-state, the temperature in the idle mode
is always decreasing, the PDF of temperature at the
instant of exiting the idle mode is obtained as:
hTIex(‘L'|TIe" = T(to)) =

4o
1 T=TMmi N(v;,m .
Vom0 (T r) i T < 7 T (7)

0, otherwise.
Then, obtaining the respective CDF is straightforward.

Calculation of hrf,"(‘l')i Suppose that, at time t,, the
system enters the active mode with temperature T(t,),
then goes to the idle mode, and after a while returns to
the active mode (or equivalently exits from the idle mode)
with temperature T*. The conditional PDF of T/%,
hTIex(T|TAe" =T(t,)), can be obtained by combining (77)
and (78) as follows:
hyex(T|T™ = T(ty)) =

Sy hex (x|T4™ = T(£0))hpex (2|TF™ = x)dx. (79)
Using (79), we can calculate the marginal PDF hrex(7) as:
hyex(R) = {2 per (2| TE" = T(80)Jhgn (T(20)) AT (80)-(80)
On the other hand, the temperature at the instant of
entering the active mode is equal to the temperature at
the instant of exiting the idle mode. Therefore, hrex(7) in
(80) can be replaced by hren(7):

fTMaxH

hygn (1) = [ "4 hyex (| T5" = T(to) )hrgn (T (to)) dT (t).(81)
In fact, (81) provides an integral equation which its
solution gives hren(7). In general, this equation is not
amenable to simple analytical solution. However, via
well-known numerical methods, it is easy to solve the
equation and obtain hpen(7). Accordingly, we can
calculate the favorite PDFs hy, (7) and hy, (7) as follows:

Lemma 3. For the PDF of processor temperature in the idle

mode, hy,(T), we can write:

i, (©) = hpen (D),
where hyen(7) is obtained from (81).

Proof: Since job arrivals follow a state-dependent Poisson
process, it is obvious from the PASTA property [42]
that hr, (7) = hygn(7) which completes the proof. O

Then, based on (82), the calculation of Hr,(7) is

straightforward.

(82)

Lemma 4. For the processor temperature in the active mode we
have:

Hp, (1) = (83)
(0 T < Tyins
ﬂ(r)u s, wdu+Q) Y s, (wdu
{fTTMM (T ) 224 ;Sufs (;))ii”’f A Tt Tosin <7 < Ty
tl, T2 TMaxHi
d
hTA(T) = ;HTA(T)’ (84)
where QO(7) is defined in (76).
Proof: To obtain (83), we define
Hy,(r) = P(T, < 7) (85)

as the probability that, in the steady-state, the
temperature in the active mode be less than or equal to
7. As the temperature is increasing in the active mode,
the integration is taken in the range of [Ty, 7]. The
integral in (83) sums up two probabilities together: 1)
the probability of when the sojourn-time in the active
mode is less than the relative time Q(7), and thus, the
temperature is lower than 7 (in this case, all the
sojourn-time should be accounted); 2) the probability
of when the sojourn-time is more than Q(7); therefore,
the processor temperature exceeds 7. However, the
processor temperature has been below 7 for an amount
of Q(t) from the total duration of being in the active
mode, ie. from S,. In this case, only the amount of
time up to when the temperature reaches 7, namely
Q(7) should be accounted, as multiplied by the second
inner integral in (83), which completes the proof. O
Using m; and m, from (63) and (64), and hy, (7) and hr, (1)
from (82) and (84), hr(7), and consequently, Hy(t) can be
derived according to (22) and (18).

5.1 Analysis for a Specific System Setup

As mentioned before, when the system capacity is 1, we
can accurately analyze the system for generally
distributed relative deadlines. This analysis is started
with the calculation of hpen(7) for K = 1. After which, the
remaining steps to derive hr,(7) and hr,(7) from hren(7)
are the same as before.

Lemma 5. For K = 1 and relative deadlines with a general
PDF g(t) (or equivalently, a general CDF G(t)), we have:

hTABX(TlTIfn = T(to)) =
{dﬂ(t) /dT e7#49® [, (1 - 6(Q(D)) + g(AD)], T (t0) <7 < Tyga, (6)
0 otherwise.

where O(7) is defined in (76).

Proof: To specify hyex (z|T#™ = T(¢y)), we only need to use
the appropriate fs, (t) in (77). To calculate fs,(t) for the
case of K = 1, it should be taken into account that the
system leaves the active mode due to either service
completion or deadline miss. Thus, to calculate the
respective PDF in an accurate manner, we should
consider both these cases as follows:
fsa®) = fr, A = G + [, fir, Wdu g(t)

=e Mt uy(1-G6(D) + g(0)], (87)
where fy, (t) is calculated according to (41). Substituting
fs,(t) from (87) into (77) completes the proof.[]

The next steps to obtain hren (1) are the same as before,

namely using (86), (78), (79), and (81).

It is worth noting that in the cases of having an
approximate or accurate f;,(t), also the temperature
analysis would be, respectively, approximate or accurate
by just following the above mentioned steps. In fact, if the
job characteristics (e.g. execution-time distribution)
differs from what considered in this study, in the case of
obtaining f;,(t) from a valid analytical or simulation
method, it is sufficient to use (77), and follow the
aforementioned steps to obtain hr¢n(7), and consequently,
hr,(x) and hy, (7).
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TABLE 1
PARAMETERS FOR THE LINEARIZED LEAKAGE POWER
Speed f (GHz) v, (V) Cy C,
1 347 1.5 1.4038 0.0641
0.8 2.77 1.2 0.7439 0.0308
0.6 2.08 0.9 0.39 0.0077
0.4 1.38 0.6 0.204 0.0081
TABLE 2
COOLING SUBSYSTEM-RELATED PARAMETERS
Cooling mode my m, mg my msg
CPow(m;) 0 0.19 0.34 0.79 2.90
B(m;) 0.0041 0.0054 0.0059 0.0064 0.0071

6 EXPERIMENTAL EVALUATION

In this section, we evaluate some of the most
elementary measures defined in Section 3. In Section 6.1,
some details about the methods of computation and
simulation as well as the parameter settings are
presented. In Section 6.2, some elementary measures
depicting the system behavior are analytically evaluated
and, to show the accuracy of the method, compared
against two system-level and microarchitecture-level
simulations. In Section 6.3, the system behavior with
respect to some other parameters and measures is
evaluated to express the applicability of the proposed
analytical method in finding appropriate system settings.

6.1 Experimental Setup

In this section, the details of the numerical methods used
in the analysis as well as two simulation methods, namely
a system-level (SL) and a microarchitecture-level (ML)
simulator are discussed. The former simulator is used to
investigate the accuracy of the analytical method
proposed in this paper. The latter, however, is mainly
used to compare the results to more realistic setups. All
the experiments have been performed on an Intel Core2
Due processor of 2.53 GHz and 4 GB of RAM.

The numerical methods which are used for the desired
computations in the analytical method are the rectangle
integrating and Euler's differentiating methods [45] with
steps of 0.01, implemented in MATLAB.

For the simulations, we have prepared a discrete-event
SL simulator in Java for a stochastic FRT system with the
model introduced in Section 3. It is supposed that each
synthetic job consumes fixed dynamic power and the
processor-related parameters have been gotten from a
real processor and used in an abstract manner, as
discussed in the following. The simulations have been
performed for a population of one million jobs, with a
confidence level of 99% within an interval of 0.01. This
simulator is used to validate the analytical method for the
exponential distribution and verify its accuracy for the
other distributions of relative deadline.

In addition, we have prepared a ML cycle-accurate
temperature- and leakage-aware thermal and power
simulator by replacing the ideal processor (and abstract
parameters) of the SL simulator with PTScalar [4],
considering Alpha 21264 processor with the 65nm
technology. For the incoming workload, we have used
MiBench [47], a benchmark suite consisting of embedded
programs, and truncated the selected benchmark based
on the desired stochastic execution-time. Since this
simulator is very time-consuming, we have run the
respective simulations for only 1000 jobs, considering
10000 cycles as the tracing interval.

Table 1 shows the leakage coefficients (related to (6)) of
this processor, obtained by linear approximation of the
non-linear leakage power curve extracted from PTScalar
results in different frequency/voltage levels. Also,
according to the average dynamic power of the selected
benchmark on PTScalar, C; =6.68 is obtained. Further,
similar to [4], we have considered that dynamic power in
the idle mode is 25% of the active mode, ie. we set
Cy = 1.67. The supply voltage used for both the idle and
active modes is the same.

We have considered a cooling subsystem with five
cooling modes which can be employed for DTM. The
characteristics of these cooling modes are shown in Table
2, extracted from the model of a cooling fan in [46].
Further, we consider the thermal coefficient p=0.0071 °C/w,
the ambient temperature to be 45°C and T, = 70°C.

For the SER, we assume a linear relationship between
Qcrit and temperature [28], i.e. Q.(T) = a; — a,T. Also,

TABLE 3
THE REQUIRED FORMULATIONS FOR SOME PERFORMANCE MEASURES OF EXPONENTIAL AND UNIFORM RELATIVE DEADLINE
Exponential Uniform ([a,b])
1
1 1 i <t<
g(t) Eeet {b—a' ast<bh
0, otherwise
1
@, (uy) ™ a b 1/t—a " 1 " gmHab
n,-pat _ —q— o —
based on (38) HE:O(#A+%) fote dt+fa a+2(b_a>(2b a—t)] eHatde + 2(a+b) ™
Y n 0, n=0
" = Py ()"
based on (47) 0 nﬁ — Ua, n>0
" n-lg=#at t<a
S, (©) ikt S p— k a®y (1)
6 e Mt [Teco(ua +2) 1, vl 1 51
based on %) a3t i n (t—a) b—t\ _
(n—1)! d-e®)] e t— ( )e kat, a<t<b
43) palit = 20 P | 20-a)] \b-a
0, b<t

© @, () of the uniform distribution is used, as given in the immediate upper row of the table.
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very close to the analytical method, a fact that shows the
accuracy of the proposed method, even in situations that
the distribution of relative deadline is non-exponential.
Also, the ML simulation results reveal that, although the
abstractions used in the thermal and power modeling in
the analytical method leads to some deviations from a
real system, the overall behavior of the system
temperature has been approximated very well by the
analytical method, despite the very limited population
used in the respective simulations, namely 1000 jobs for
each run. In fact, the errors which exist between the PDF
obtained from the analytical method and the one obtained
from the ML simulator have two reasons: i) the

Ae2(An) ——Ae6(An) —— A< (An) differences between the analytical and simulation
0 | cT39s cT:a9s cT:39s boundary temperatures and the respective impacts on the
A=2(sl) - - -A=6(S) - - -A=l(sy) overall PDFs, rooted at the existing error in the linear
CT:737s CT:286s CT188s . . Y. ..
02 approximation of the actual leakage power, ii) the limited
A=.2(ML) A=B(ML) e A=1 (ML) . . .
52105 crazties  CT10%108s[) number of jobs used in each run which also affects the
smoothness of the PDFs obtained from the ML simulator.
To investigate the efficiency of the analytical method,
_ _ we have compared the computation time of the analytical
) | method against the SL and ML simulation times in Fig. 2.
@ o o - w o As it is seen, while the analytical method exposes a rather
Temperature (°C) small and fixed computation time, the SL simulation
(b) requires a longer time depending on the arrival rate: for

Fig. 2. Temperature PDF obtained from the analytical method, SL
simulator, and ML simulator for (a) exponential, and (b) uniform relative
deadline (the computation times (CT) of the methods are also shown).

smaller values of A the fixed population (required to
achieve the desired confidence level) arrives in a longer

we suppose that linear decrease in Qcrit results in
exponential increase in the SER [43], ie. o(T) =
e%rit(M Egpecially in the experiments, we assume
o(T) = 0.00006¢°17,

In our investigations, we consider the system capacity
of K=5 and Poisson job arrivals (i.e., A, =Aforn=
0,..,5). Two distributions of relative deadline, namely
exponential and uniform are considered. Table 3 presents
the formulations of some basic performance measures for
each distribution. According to these basic measures, the
remaining performance-, temperature-, reliability-, and
energy-related measures can be calculated by following
the steps presented in Sections 4.2 and 5. The mean relative
deadline for the distributions is the same, namely 6 = 4. More
precisely, we have considered interval [3, 5] for the uniform
relative deadline. Further, to better depict the thermal
behavior of the system, we consider the time unit is equal
to the thermal time constant 1/8(m;) [44] of the lumped
RC model [31].

6.2 Elementary Measures and Accuracy of Analysis
In this section, we investigate the accuracy of the
analytical method by comparing the analytical, SL
simulator, and ML  simulator results. Some
complementary discussions are also included.

We begin with the most elementary temperature-
related measure in the calculation of our favorite
measures, namely the temperature PDF. Figs. 2(a) and 2(b),
respectively, show the temperature PDF for exponential and
uniform distributions of relative deadline for different values
of arrival rate A in speed pu; =p, =1. (The jump in
temperature 70°C is because of switching between the cooling
modes.) As seen in Fig. 2, the results of the SL simulation is

time interval. Similar justifications are valid for the ML
simulation which takes much more time comparing to the
previous methods, taking into account that its simulation
time is reported for a population of only 1000 jobs,
whereas the time for one million jobs will be almost three
orders of magnitude larger.

On the temperature behavior of the system, it can be seen
in Fig. 2 that increasing the arrival rate has led to spending
more time in the active mode, which in turn results in higher
values of the PDF in the higher temperatures. Further, it is
seen that different relative deadline distributions expose
different thermal behaviors. In fact, the system with
exponential relative deadline generally experiences cooler
situations, while the uniform relative deadline enforces a
hotter processor. This is mostly due to the differences in the
deadline miss rates (y,,) of different distributions. As also
shown in [6] and [18], exponential relative deadline
distribution exhibits the largest deadline miss rates comparing
to other distributions, resulting in more frequent visits of the
idle mode. Consequently, the system is relatively cooler.

The power- and reliability-related measures, namely
PoWgyn, POWieqr, PoW,oo, and g, are depicted in Fig. 3 for
different arrival rates. (Since the results of SL simulator
match the analytical results with very high accuracies and
because of clarity of the figure, we have only shown the
analytical and ML simulator results there.) It should be
noted here, that the analytical and ML simulator results
also match very well despite the sources of inaccuracy
encountered above for the respective temperature PDFs.
As dynamic power consumption in the active mode is
larger than the idle mode, higher arrival rates which lead
to larger sojourn-time in the active mode cause more
dynamic power consumption, and thus higher
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Fig. 3. Powgypn, POWieqi, POWco01, and ag, for exponential and uniform

distributions obtained from analytical method and ML simulator.

temperatures. On the other hand, leakage power is not
directly dependent on the traffic load since the
parameters of the respective function in (6) are the same
for both the idle and active modes (recall that we consider
Yy = pu). However, the leakage power depends on the
temperature. As higher arrival rates lead to higher
temperatures, leakage power consumption is expected to
be increased in such arrival rates, a result that is seen in
Fig. 3. Similar but less significant alteration is observed
for cooling power and a,. Also, as expected, the
measures have larger quantities for uniform distribution.
This result is also consistent with our previous
interpretation (Fig. 2 shows higher temperatures for the
unifrom distribution).

6.3 Application of the Analytical Method

In this subsection, we show the applicability of the
proposed analytical method through studying two
scenarios to obtain optimal parameter settings for
different system measures.

In Fig. 4, the measures are studied for 1 =1 and
different processor speeds u;=u, between 0.4 and 1 with
steps of 0.2 (the other parameters are defined in Section
6.1). As can be seen, the effect of increasing the speed on
the loss probability is twofold. On one hand, increasing
the processor speed diminishes a; and ;. On the other
hand, the increased processor speed significantly raises
the processor temperature, and thus, the SER, which in
turn increases a .. Therefore, in the determination of the
processor speed for such a FRT system, there is a tradeoff
between job loss due to timing problems (a; and «;) and
soft errors (a,). In fact, in our system model, this tradeoff
is reflected in the total loss probability a. Fig. 4 shows that
u; = py = 0.8, among the aforementioned speeds, can be
considered as the optimal service rate. Similar
investigations could be performed for various arrival
rates considering a constant processor speed. However, as
shown in Fig. 3, the variation of 4 has insignificant
impacts on ag,. Rather, the dominant factors in the
variation of loss probability with respect to A are a,; and
ay. As these measures are temperature-independent, they
are not reported in the current study (interested readers
are referred to [6], [18]).

From the energy consumption point of view, we are
interested in the system energy efficiency and power
consumption. In fact, A, the measure of energy cost per
successful job, reflects the overall inter-effects of the

0.9 —=—a_se
-—+-ad
08 4 . A D

@

0.9 — & -—ao_se
-—-a_d

08 e o b

074 7T o

0.4 0.6 0.8 1
Processor speed

b
Fig. 4. Job loss probabilities ((irzcluding ag,ap, A, and a) and
normalized A at different processor speeds (u;, =p,) for (a)
exponential, and (b) uniform relative deadline.
processor temperature and energy consumption, beside
the system performance and reliability altogether. The
results are presented in Figs. 4(a) and 4(b), respectively, for
exponential and uniform distributions of relative deadline. (In
the figure, the curves representing A are normalized with
respect to the maximum value of A in the results which
occurs for the uniform distribution.) It seems that with
raising the speed, the energy efficiency degrades
exponentially. As a result, it is seen that although the
speed of 0.8 is optimal for the loss probability, it is not the
best speed to have an energy efficient configuration.

Also, using the proposed analytical method, one can
determine the best cooling modes to be selected as
m;, and my in order to minimize the total power
consumption. There exists a tradeoff between leakage and
cooling powers because changing the latter in one
direction results in variation of the former in the inverse
direction. In this study, we have fixed m;, =m; and
changed my as summarized in Table 4. It can be seen for
the energy-related measure Pow that the best setting for
both exponential and uniform relative deadlines is
achieved in my = m,.

According to the above discussions, one can use the
analytical method proposed in this paper to optimally
configure the FRT system through appropriate selection
of different parameters with conflicting interactions,
taking important mutual effects of them into account.

7 CONCLUSIONS AND FUTURE WORK

This paper considers a DTM-enabled FRT system with
stochastic properties illustrated in the workload
characteristics and soft errors affecting the workload. The
performance, reliability, and energy consumption of the
system are analytically evaluated with an emphasis on
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TABLE 4

EFFECT OF VARIATION OF COOLING MODE my

my m; mg my Mg
u Exp. 0.1665 0.1501 0.1360 0.1239
se Uni. 0.2401 0.2120 0.1884 0.1682
pom—  EXP. 0.1106 0.1946 0.4418 1.562
cool Uni. 0.1381 0.2444 0.5593 2.0029
Fom—  EXP. 5.4153 5.1169 4.8252 4.5404
teak — yni. 5.8027 5.4245 5.0594 4.7005
Pom Exp. 223293 22115 22.070 22.905
Uni. 249225  24.650 24.600 25.685
A Exp. 0.7552 0.7234 0.7021 0.7119
Uni. 0.7583 0.7128 0.6828 0.6893

the processor thermal behavior. In fact, the mutual effects
of the workload parameters, leakage and dynamic power
consumption, processor temperature, mode selection of
cooling subsystem, and SER are taken into account. Some
important measures are calculated, including real-time
performance measures, system reliability, the processor
temperature PDF, leakage power, dynamic power,
cooling power, and energy cost per successful job. The
analytical method which is presented based on a long-run
Markovian view to the system is accurate for the
exponential relative deadline and approximate for the
other distributions. Also, it is shown that for some
specific configurations of the system, even for general
distributions of relative deadline, accurate analysis is
possible. Further, experiments show that the approximate
method closely follows the simulation results, even for
actual processors.

We believe that, with the consideration of more
thermal-related processor details, the proposed analytical
approach can be extended to broad system architectures
(e.g., MPS0Cs), even in the presence of DTM techniques.
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